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RNA-seq pipeline
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NOISegBIO was compared to the widely used edgeR (Robinson et al., 2010) and DESeq (Anders &

Huber, 2010), and to another non-parametric method, SAMseq (Li & Tibshirani, 2011). The

The differential expression methods included in the [ performance of the methods was obtained on datasets simulated under a variety of experimental
package are.— > o scenarios considering different noise levels, proportion of DEG or number of replicates.

> Technical replicates: NOISeq-real (Tarazona et al., In Figure (L), it can be seen that NOISeqBIO is efficient at controlling the False Discovery Rate
2011) S | (FDR), while maintaining an acceptable sensitivity (SE).

=2 No replicates: NOISeq-sim (Tarazona et al., 2011)
=> Biological replicates: NOISeqBIO
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